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Microblog Computing Focused on Social Entities

-- Micro-evolution in Microblog Computing: focus from information to entities

Abstract: The number of microblog user reaches over 200 million and usage rate is
50% . Microblog is becoming revolutionary social media instead of TV, news and
forum. Caculating and doing data mining from microblog is becoming common hot
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topics for the academia and industry circles. Because of content segmentation and
entity personalization in microblog, the traditional computing schema focused on
content computation is inherent defective. The amount of mciroblogs is huge, the
content based computation is ineffective and hard to meet the requirement. This paper
brings forth a novel computing schema based on social entities in microblog
computing. And then research on microblog entities personality modeling, emotion
detection, and further develop content analysis based on social entities. Such
computing schema focused on social entities achieved better performance than
information centered computing with microblog analysis and mining. The
contribution is break out the pure content analysis, and social entities centered
computation is more suitable for microblog computing.

Key Words: Microblog computing, personalized modeling, data visualizing, behavior
model mining
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